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Abstract  
The integration of algorithms and techniques in humanitarian innovation is a double-

edged sword: It can significantly improve operational efficiency but at the same time, 

it could introduce intricate ethical issues which require probing and careful handling. 

Some of the issues are like algorithmic bias, sureness, and the imperative of transpar-

ency must be properly tackled to assure that these technologies reach the marginalized 

sections without the fundamental precepts of humanitarianism being compromised. 

This participative process of dealing with the tension of these ethical concerns is the 

advocacy of justice and accountability as the two fundamental principles within the 

humanitarian framework. The pervasive deployment of artificial intelligence (AI) 

across numerous domains has ignited a high number of ethical concerns, particularly in 

connection with algorithmic bias and the transparency of AI systems. These matters are 

critically important, particularly in social computing applications, where AI's decision-

making can prod major consequences for people, and society at large. By setting clear 

ethical guidelines and directly involving stakeholders through the whole development 

process, organizations can deal better with the problems that AI implementation brings. 

This forward-looking plan not only diminishes risks pertaining to bias but also builds 

the credibility and trustworthiness of AI both generally and in humanitarian contexts. 

Not to mention, the establishment of strong monitoring systems along with the perma-

nent evaluation of AI models will give invaluable information about their performance 

and whether they meet ethical criteria. Transparency and accountability are the founda-

tions upon which organizations can build public trust and responsible and ethical uses 

of AI technologies in humanitarian projects are achieved. Commitment to ethical be-

havior deepens the integrity of humanitarian actions in the discovery of new solutions 

which give power to raise. 
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1 Technical Aspects of AI Ethics and Fairness in Social 

Computing 

1.1 Introduction to AI Ethics and Fairness 

The relevance and of artificial intelligence (AI) to various industries has brought to the 

fore an essential human-machine ethics debate, notably the topics of algorithmic 

bias/transparency-in-AI-systems. These ethical challenges are intertwined with the no-

tion of AI's operation being fair and morally correct, especially in the social computing 

field. Under these conditions, the actions of AI may have a powerful impact, which in 

turn will affect people’s decisions about what is normal and what is not. This essay will, 

therefore, be completely devoted to the technical intricacies of AI ethics, mainly high-

lighting algorithmic bias and the growing need for transparency in AI systems. Algo-

rithmic bias is the situation when AI models inconsistent and/or boost existing biases 

in the training data unintentionally, which bears negative results on the affected groups. 

The discovery of the reasons and the effect of this bias is indispensable for the creation 

of fair and just AI systems. On top of that, transparency in AI models is one of the 

critical factors for building trust and accountability. Stakeholders, including end-users 

and those who are threatened by AI decisions, should be given a clear view of the logic 

followed by these models in addition to the reasons why they generate the results they 

do.  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Fig.1. AI Ethic Consideration 
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This level of candor, hence, points to the inner workings of the AI which, in turn, allows 

people to reconsider and evaluate decisions that look unfair or biased. These challenges, 

in fact, can be dealt with by a number of approaches [1]. As for instance, one could put 

bias detection and reduction ones into practice during the process of developing AI 

systems along with the balanced ethical practices that are centered on fairness and in-

clusivity. Further development of the AI design that not only considers ethical issues 

but also the broader societal changes that might occur can be enhanced through the 

promotion of collaboration among ethicists, engineers, and other related professionals. 

To summarize, the moral facets dealing with AI, algorithmic bias or transparency, are 

significant for building systems that work justly and responsibly. the Review and ex-

amination of these specifications along with implementation methodologies facilitates 

pursuit of an enhanced future wherein artificial intelligence contributes to the empow-

erment of individuals and fosters a constructive transformation within society. This re-

quires a comprehension of the foundational data and algorithms, alongside an aware-

ness of the prospective societal ramifications associated with the deployment of such 

technological advancements. By adopting, accepting a culture of ethical consciousness 

and accountability among developers of artificial intelligence, we are better equipped 

to navigate the intricate challenges presented by algorithmic solutions in the realm of 

humanitarian innovation. This methodological framework not only advocates for equity 

but also guarantees that the perspectives of underrepresented communities are incorpo-

rated into the conception and execution of AI infrastructures. Ultimately, the realization 

of ethical artificial intelligence within humanitarian frameworks necessitates continu-

ous discourse, rigorous assessment, and an unwavering commitment to transparency 

and responsibility throughout the complete lifecycle of these technological innovations 

[2]. 

1.2 Understanding Algorithmic Bias 

The problem of algorithmic bias becomes the foremost issue in artificial intelligence, 

coming from the inadequacy and frequently biased data distribution that these systems 

are processed on. Data can be either changed or removed; however, it usually remains 

due to the data having the original biases or the algorithms suffering from some archi-

tectural defects. Continuing the above, the technologies not only augment but also mul-

tiply the dissimilation of rights among specific segments of the population, that is, the 

deeply concerning effect of the biases for the continuance and the expansion of already 

existing differentials in society. This leads to unfair treatment of definite demographic 

groups affected by factors like race, gender, age, and other important identifiers. The 

question of algorithmic bias is tackled through a holistic perspective which brings in 

the diversification of training datasets, a strict implementation of auditing mechanisms, 

and the fostering of an inclusive atmosphere according to which the power of diverse 

perspectives will be respected in the development of AI. Through their direct interaction 

with the communities affected and thus their involvement, organizations are capable of 

figuring out imbalances and also creating AI that will benefit people. For instance, the 

bad impact of biased AI algorithms can be viewed in the realm of mortgage approvals. 

The significant flaw of the talked systems is that they can unjustly reject the loans to 
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the applicants who actually deserve them only based on the demographic characteristics 

like race or gender identity, instead of evaluating their creditworthiness or financial 

viability fairly. Not only does this practice harm the lending procedures but it also ce-

ments the systemic inequalities that may bear the consequences for individuals and the 

whole communities for a long time. The issue of algorithmic fairness develops in a very 

complicated and multi-sided way. The problems are not just limited to the fact that the 

training data can be uninterested or distorted; they also involve possible errors in the 

design of the algorithms themselves. As a result of this, the biases in the companies that 

design these technologies and bring them into use can have an essential role both in the 

development and the introduction of these AI systems, which again leads to the bias. 

Furthermore, it is very important to note that generative AI models, which are devel-

oped especially for the generation of digitally created societal content, can sometimes, 

unintentionally, be the reasons for the propagation or even the rise of societal stereo-

types. This might lead to the propagation of the bad narratives in diversified fields, 

which will eventually reshape the public conception and the societal norm in ways that 

are harmful to the underrepresented groups. The prevailing technology with its nuances 

of AI and their societal repercussion calls for the examination of these biases and the 

undertaking in the direction of more just and equitable technological avenues. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Fig.2. Algorithmic Bias & Fairness Flow chart 

1.3 The Importance of Transparency in AI Models 

In AI models, transparency relatively not only is an important, as it is a trust   building     

user's mainstay but also a form of accountability in the multifunctional technological 

tools that are affecting life in different ways. By being transparent, trust is fostered that 

is the major concern of the cases in which AI systems are often described as black 

boxes, the term by which their decisions should be expressed clearer but being black 

means they are unreadable. The terms could be mentioned in the context of recommen-

dation systems and the like. Taking a particular example, recommendations given by a 
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recommender system based on some complex algorithms can be incomprehensible to 

the end-user. These specified conclusions or outcomes are identified and revealed by 

users through the in-depth and understandable stage, but AI is yet to reach that point, 

so users see it as an implicit conclusion of AI. In other words, the transparent way of 

decision-making is one, with all aspects of it being well understood by those involved. 

Prior to now, artificial intelligence has faced many obstacles in this regard, but its cur-

rent nature is such that it is both partly and fully advanced. Users become skeptical, 

which is the direct result of complex logic, of the reliability of the system's outputs. 

Dilemma like- can we trust the system? - would crop up that would put at risk certain 

sectors such as healthcare, criminal justice, etc. where the decisions made in the end 

count a lot [3]. 

Lack of transparency in the AI systems not only leads to ethical issues but also in-

creases the chances of bizarre and erroneous results during the development and de-

ployment of AI systems. The gap of openness between these systems not only under-

mines the fairness of but also the technology's effectiveness. Consider, if in a health 

sector a wrong transparent AI model prescribes painful drugs instead of suggesting oth-

ers based on flawed or misleading data. Due to misleading, hiding bias, for example, 

the algorithm may affect decisions about parole and sentencing and put marginalized 

peoples' lives at risk. In the meantime, in financial services, gaps in AI models can 

circumvent institutions that lend to people in minority groups at higher rates therefore 

creating more inequality and more difficulties to affected communities. 

Therefore, it is a number one step that the AI system should work in a manner that 

the decision-making process is both comprehensible and explainable. Transparent 

mechanisms make it possible to utilize these technologies in a more informed and con-

fident way. Transparency can be prompted by adopting the model interpretability im-

provement, which allows users to see and understand the process that generates the 

decisions and conclusions. When different stakeholders like developers, users as well 

as regulators are let in on the information of what goes on inside AI models, they will 

be in a better position to judge whether the technology is reliable, fair, and effective on 

practical grounds. The result of this will be greater accountability and sound interven-

tion.        

 

The more transparent algorithms become, the more integral the AI systems will be, not 

only because of the identification of but also the rectification of any error or bias found 

in the models. The issue of trust is addressed when stakeholders are given the chance 

to probe the underlying algorithms and data of an AI system [3].  

Ultimately, not only is transparency a vital trust building factor among users of AI 

technology but it is also essential as a countermeasure to the likely ethical problems 

which may arise in the course of using this technology. Such a commitment shall in-

volve the design of AI systems to be clear, understandable, and promote explainability-

first of all, the application of these principles should lead the stakeholders to establish 

a responsible application of AI framework. Thus, the move will be both a risk-reducing 

measure as well as a channel to the achievement of equality of opportunity across sec-

tors and communities. 



6 

 

2 Technical Strategies for Mitigating Bias and Enhancing 

Transparency 

There are Various technical methods to mitigate algorithmic bias and improve the trans-

parency of AI models, these methods can generally be divided into three categories [4] 

[5]:  

• per-processing,  

• in-processing, and  

• post-processing approaches.  

Pre-processing techniques involve altering training data to remove biases prior to model 

development, whereas in-processing methods concentrate on modifying the algorithms 

themselves to promote equitable treatment across diverse demographic groups. Post-

processing strategies, on the other hand, are designed to adjust the model's outputs to 

address any residual biases that may arise during training or decision-making phases.  

A deep understanding is required for an effective application of all these techniques 

with a specific context in which the AI system is being used, domain specific unique 

attributes of each domain are factored into AI Model’s development. Also, conducting 

regular audits and evaluations is crucial for preserving the integrity of these systems 

over time, fostering sustained transparency and accountability in their deployment. 

 

 
Fig3. Technical Strategies for Mitigating Bias [IBM Data AI] 

2.1 Pre-Processing Approaches 

The aim of pre-processing methodologies is primarily to improve the quality and diver-

sity of the datasets utilized in training AI models. Hence, the datasets must be both 

representative and unbiased. This challenge can be tackled by such approaches as re-

sampling, data augmentation, and the exclusion of biased attributes, which are all meant 

to create a more equitable dataset that mirrors the demographic it addresses more accu-

rately.  

 
Table 1. Pre-Processing Approaches 
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The following methods are indicative of the thinking outlined in the previous point: 

• Data Preprocessing: Procedures like data sanitization, feature selection, and data 

augmentation can considerably help in reducing bias within the training dataset. 

In addition, the utilization of in-processing methodologies can significantly en-

hance the equity of AI systems by enforcing fairness constraints directly into al-

gorithmic architecture. This approach not only provides the decision threshold 

change in bias but also it helps the model to continue learning as it processes new 

data inputs, thus it guarantees that the model stays updated with the changing 

factors of societal norms and values. For instance, deploying fairness-aware algo-

rithms in the training phase can be useful in curbing the risk of promoting the 

biases that exist in society, for example, in sensitive areas like hiring and loan 

arrangement where unfair results can last in years to majority people and entire 

communities. Moreover, the instantiation of effectual feedback mechanisms such 

as the systematic assessment of user experiences and outcomes can lead to the 

generation of worthwhile knowledge on the performance of bias mitigation strat-

egies thus in the end, develop a culture of accountability and continuous improve-

ment in AI deployment.  
• Diverse and Representative Datasets: If diversifying the training data and 

making it representative of all the groups is carried out, the issue of bias will be 

reduced and, in a way, promote justice in AI systems. The process goes through 

ordering the underrepresented groups and implementing their experience and 

perspectives in the data collection process actively. Consequently, organizations 

will have the opportunity to create models that are more approximate to the gen-

eral population thus lowering the occurrence of biased outcomes and conse-

quently allowing the field of AI to be more inclusive. The use of methods like 

stratified sampling for instance will also ensure that all segments of the popula-

tion are appropriately represented thereby increasing the reliability and fairness 

of the AI systems high. 

2.2 Processing Approaches 

Implementation of unfair constraints, changing model parameters, and adversarial train-

ing methods are some of the processing methodologies that focus on modifying the 

algorithm or model during training to decrease bias. These methodologies go into the 

use of fairness constraints, the changing of model parameters, and the exploitation of 

adversarial training methodologies. Directly incorporating fair objectives into the learn-

ing framework gives the capability to ensure that the model not only learns from data 

but also obeys the ethical principle of equal outcomes for different demographic groups. 

This foreseeing strategy can, in a big way, cut down the risk of injecting existing biases 

in AI systems. On the other hand, adversarial training strategies can be taken advantage 

of to directly challenge the biases of the model by applying counterexamples during the 

training phase, thus, making the algorithm acquire more robust and fair distributions. If 

properly done, these processing techniques can significantly boost both the fairness and 

transparency of AI systems, thus, leading to more user and stakeholder trust. 
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• Fairness-Aware Algorithms: These algorithms are engineered explicitly to 

mitigate bias through the integration of fairness metrics within the training 

framework. Besides those, fostering a culture of interdisciplinary collabora-

tion is central to the ethical context of AI development. By integrating the 

views of social scientists, ethicists, and community representatives in AI de-

sign, organizations can acquire a deeper understanding of the societal impacts 

of their technologies and therefore address biases at the base level. This part-

nership not only helps in the creation of more equitable algorithms but also 

ensures that various standpoints are interwoven in the AI system's core, thus, 

minimizing the risk of the system perpetuating inequalities. Besides, the es-

tablishment of feedback mechanisms that enable communities impacted by the 

AI systems' outcomes to articulate their concerns can shift the focus back to 

the AI outputs and promote accountability. As a result, the technological land-

scape will be more equitable and statistically empower the marginalized com-

munities. 

 

• Regularization Techniques: Regularization techniques are the means that 

serve as the way of punishing biased models, thus, encouraging the model to 

make just decisions. These techniques can be elbowed into the training scheme 

effectively to keep the models from being favorable to specific demographic 

groups and, hence, promote a just decision-making strategy. Furthermore, nur-

turing an ethical consciousness culture amid developers is crucial to keeping 

vigilance against biases in the entire AI lifecycle. This ethical consciousness 

can be solidified through continuous education and training programs that 

highlight the importance of fairness and inclusiveness in the AI realm. By 

building a firm ethical framework, organizations can more effectively deal 

with the complex dilemma thrown up by algorithmic bias as well as ensure 

that their AI systems are the means to uplifting or at least, not intimidating 

vulnerable populations. 

  

2.3 Post-Processing Approaches 

The post-processing techniques that primarily aim at correcting biases are the ones that 

are applied after the model training is completed. These processes also require modify-

ing the output of the AI model in a way to guarantee fairness and equity during the 

decision-making process. The methods that can be applicable in this regard are the re-

weighting of predictions or setting fair constraints which can be useful in reducing the 

observed biases, thus, ensuring that the final outputs are relatively fair across the dif-

ferent demographic groups. The said post-processing mechanisms can bring about a 

dramatic difference in terms of the fairness of the AI system by re-calibrating the mod-

el's outputs to meet ethics. An organization can apply the frameworks of equalized odds 

or demographic parity as preemptive measures to mitigate the effects of any unintended 

bias on the model's findings, which in turn creates a fairer environment for the stake-

holders involved. 

These include:  

• Bias Detection and Mitigation Tools: Tools such as BRIO are an instrumental 
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resource in detecting and eliminating bias in artificial intelligence models. These 

facilities allow developers to investigate the outputs of the model carefully and to 

identify the probable biases existing therein, hence, the developers are enabled to 

carry out timely actions to maintain fairness. Besides, the development of a com-

prehensive framework for dealing with bias that involves a combination of pre-pro-

cessing, in-processing, and post-processing methodologies throughout the entire AI 

lifecycle will not only boost the ethical integrity of artificial intelligence systems 

but also their trustworthiness. By embedding these tools into the development work-

flow, organizations can shift to a proactive model for bias management, thus making 

sure that the AI systems are not only effective but also fair. Moreover, the continuous 

investigation and recurrent prescription of amendments to these tools will promote 

complying to ethical standards and meet the expectations of society over time.  

•  Post-Hoc Corrections: Techniques like reweighting and threshold adjustment 

may be used to eliminate biases from the model outputs. By using a comprehensive 

strategy that includes both pre-processing, in-processing and post-processing tech-

niques, organizations can deal effectively with the multiple aspects of algorithmic 

bias. This holistic strategy boosts fairness and transparency, and at the same time 

strengthens the culture of accountability and ethical responsibility in the develop-

ment of artificial intelligence. The willingness to progress in improvement and keep-

ing an ethical watch throughout the AI lifecycle is vital for building systems that 

emphasize fairness and transparency. Through the joining of different opinions and 

the application of rigorous methodologies, organizations can be certain that AI tech-

nologies will be means for empowerment rather than tools for reproduction of the 

existing disparities.  

 

A Table Listing comparison is shown below. 

 

Application Area Key Technologies/Techniques 

Disaster Management 
CNNs, AI-powered analytics platforms, 
drones, IoT 

Healthcare 
Predictive analytics, chatbots, virtual as-
sistants 

Education 
Personalized learning platforms, NLP for 
language support 

Environmental Sustainability 
AI algorithms for environmental moni-
toring, smart agriculture 

Table 2 - Applications of AI in Humanitarian Contexts 
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Similarly, several strategies that can be used to mititgate bias based on the model used: 

Strategy Method name B M R C RS 

Pre-pro-

cessing 

Correlation Remover ✖ ✖ ✖  ✖ 

Disparate Impact Remover ✖ ✖ ✖ ✖ ✖ 

Learning Fair Representa-

tion 
✖     

Reweighing ✖ ✖    

Fair Clustering    ✖  

In-pro-

cessing 

Adversarial Debiasing ✖     

Exponentiated Gradient ✖  ✖   

Fair K Center Clustering    ✖  

Fair K Median Clustering    ✖  

Fair Scoring Classifier  ✖    

Fairlet Clustering    ✖  

Grid Search ✖  ✖   

Debiasing Learning     ✖ 

Blind Spot Aware     ✖ 

Popularity Propensity     ✖ 

Meta Fair Classifier ✖     

Prejudice Remover ✖     

Two Sided Fairness     ✖ 

Variational Fair Clustering    ✖  

Post-pro-

cessing 

Debiasing Exposure     ✖ 

Fair Top-K     ✖ 

LP Debiaser ✖ ✖    

MCMF Clustering    ✖  

ML Debiaser ✖ ✖    

Plugin Estimator and Re-

calibration 
  ✖   

Wasserstein Barycenters   ✖   

Calibrated Equalized Odds ✖     

Equalized Odds ✖     

Reject Option Classifica-

tion 
✖     

Table 3 – Detailed Methods for each stage. 

 

B- Binary Classification; M – Multiclassification; R – Regression; C-Clustering;  

RS - Recommender System 
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3 Challenges in Achieving Fairness and Transparency 

Despite the availability of various strategies to solve equity and transparency issues in 

artificial intelligence (AI) models, these are still very challenging goals to achieve. One 

of the main problems is the fundamental trade-off between fairness and performance. 

In fact, endeavoring to diminish bias in AI systems can, at times, cause a rise in mis-

classification or a decrease in the overall performance. Furthermore, the very complex 

site of AI models, especially deep learning architectures, often challenges one to define 

transparency attributable to their innate complexity. Thus, this lack of understanding 

thwarts the possibility of elaboration about these systems' inquiries, which, in fact, 

makes the accountability process even harder. Hence, the pressure put by stakeholders 

to achieve a high degree of performance while still being morally sound gives rise to 

the difficulties involved in the responsible use of AI technologies.  The other major 

problem is the unavailability of universal fairness metrics and self-evaluation frame-

works. Currently, fairness metrics, for instance, demographic parity and equalized odds, 

can conclude the model may be unfair, whereas the model may be fair. Thus, the graph-

ical inconsistencies in the results lead to the crisis of comparison tools and therefore the 

complex development of equitable AI systems [6]. 

 

4 Regulatory and Ethical Considerations in AI 

The regulatory and ethical considerations help design and implement AI systems 

responsibly and morally. For example, the European Union's General Data Protection 

Regulation (GDPR) highlights the significance of guidelines that govern the develop-

ment of AI systems in an inclusive and accountable manner. The regulations demand 

the embedding of consistency and accountability in the operation of AI systems since 

their s/w design and function must be rooted in these principles and subject to strict 

audits to ensure compliance with the ethical regulations. 

 

As far as ethics are concerned, one way to tackle the regional and systemic biases 

in AI is by ensuring a diverse and inclusive development process. For example, the 

recruitment of a diverse group of developers will help tackle biases. The involvement 

of stakeholders in different sectors during the AI development process is another way 

to ensure that AI systems run in line with societal values and ethical expectations. Such 

collaboration fosters the ethical integrity of AI technologies and instills a culture of 

accountability in developers and organizations [7].  

 

Having a diverse range of perspectives in place and following the pre-established reg-

ulatory frameworks, organizations can compel the positive side of AI to the education 

of society. This is the birth of a new kind of innovation that is both fair and accountable. 

To achieve this goal, organizations must build constant communication and dialogue 

with the relevant stakeholders in order to assess and adjust the ethical implications aris-

ing out of their AI systems. This way of doing things not only increases accountability 
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but also makes organizations ready to deal with the forthcoming moral dilemmas and 

the rise of new societal expectations. 

 

5 Future Directions 

The expected trajectory of the ongoing development of the ethics and fairness of Arti-

ficial Intelligence (AI) set a target for the research and technological advancement of 

several key areas. The leap in the mentioned domain is made through the provision of 

the most advanced and automated technical tools for bias detection and mitigation. 

These mechanisms need to be able to recognize and fix biases on the go, ensuring that 

the operational period of the AI systems is fair and transparent. To promote such ac-

tions, the shared responsibility of interdisciplinary teamwork among techies, ethicists, 

and community members should be the fore. The importance of ethics as the foundation 

of AI systems is very much relevant to the matter at hand. This framework can lead to 

the inception of creative and advanced technologies that are fair to the wider society 

and observe the principle of attention and accountability during the deployment of AI, 

and thus indirectly ensure the responsible evolution of technology in humanitarian in-

terventions [8]. The improvement of AI models that are more interpretable and explain-

able is another important issue. As the models increase in complexity, it becomes very 

critical for human decision-making to be understandable by both users and the stake-

holders. The proposal is realized by means of working upon the new techniques of deep 

explainability and by integrating transparency into the architecture of actual AI sys-

tems. The continuous provision of education and training for the developers and stake-

holders of ethical AI practices will play the principal role in the promotion of responsi-

bility due to the accountability culture being developed. Thus, the companies that would 

treat ethical concerns as an integral part of the AI development lifecycle will be able to 

even better, and at the same time, increase, the integrity and the social value of their 

technology innovations. Finally, it is of paramount importance to have more robust reg-

ulatory norms and ethical codes to deal with the complexities and challenges associated 

with the ethics and fairness of AI. Those frameworks should have clear sustainable 

directives to the APR such as: When AI systems are designed, they should incorporate 

fairness, transparency, and accountability as central tenets. The project is a cross-col-

laborative network of policymakers, technologists, and ethicists who will come together 

to work on standards that will encourage equitable practices while also enabling inno-

vation. That is to say, the transformation should be done in a way that society, as a 

whole, can prosper and the ethical principles are not harmed. 

 

6 Conclusion 

The technological aspect of ethics and fairness of artificial intelligence is complex and 

multi-dimensional, thus necessitating a complete approach in addressing such issues as 

algorithm bias and transparency. By the employment of technological tools, regulatory 
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structures, and ethical codes, it becomes technically realistic to create just, transparent, 

and accountable AI systems. Advancement and innovation strive together to achieve 

socially responsible and ethical usage of Artificial Intelligent Systems. By taking such 

steps, ethical AI will not only minimize the potential dangers but will also enhance the 

general social confidence in the progress of humanity and technology. Allowing differ-

ent views and ensuring strict adherence to ethical principles - with these two in tandem, 

the development of AI will uphold values of mankind, as a consequence, a more equi-

table society will thrive. The quest for moral AI requires the combined forces of all the 

parties involved – developers, politicians, and communities that are directly affected by 

the technologies. This common plan will meanwhile build the ethical framework of AI 

and on top of that guarantee that the voices of the disfavored are heard and that they 

partake in the process of development. The same is true for the creation of solid part-

nerships, which consist of the figures in technology and the advocates in the commu-

nity. The commitment for a fully inclusive and concerned environment can shield the 

ethical domain in AI, mainly by yielding fair results. 
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